What Exactly do Children Receive in Language Acquisition?
A Case Study on CHILDES with Automated Detection of Filler-Gap Dependency
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* Fine-grained input matters: children’s filler-gap dependency (FGD) exposure differs by construction’
and extraction site, which shape linguistic generalization in acquisition. In the paper:
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* A detection tool for fine-grained * A large-scale analysis * A BabyLM filterd-
FGD, combining constituency of FGD distribution on corpus training study
and dependency parsing. CHILDES (with dataset). on generalization. ,
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* Do children learn an abstract filler-gap dependency that 150

generalizes across constructions, or do they first learn
construction-specific, lexically anchored patterns?

 We need fine-grained, large-scale data to answer those questions!

 Prevous hand annotations are hard to scale, and we provide an
automated, fine-grained FGD detection tool. L = = pe - - - - - - i - - -

Age (months, bin size = 6) Age (months, bin size = 6) Age (months, bin size = 6)
TARGET CONSTRUCTIONS + Children’s FGD productions broadly track adult input across age, while matrix

questions are far more frequent than embedded questions and relative clauses.
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Matrix Subject: Who __ praised the students?
Questions Object: Who did the professor praise __? INPUT AND PRODUCTION OF AN INDIVIDUAL CHILD
Adjunct: When did the professor praise the student _?

We studied child Laura from the Braunwald corpus (75,740 utterances across 15-77 months):
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Verify with dependency

« Wh-question constructions are consistently object-biased, whereas relative clauses

ROOT) @ relations between the . ) _
modified noun land the RC are much closer to balanced between subject and object extractions.
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frequent to rarer FGD constructions. CoNLL

* Verified against human annotated treebanks from Pearl & Sprouse
(2013) and achieved > 0.85 F1 scores for most constructions.
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